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As more and more people are connected to the social network, one can
quickly reach to others via the internet. But on the other hand, the internet also
brings potential hazard. For example, if some people intent to spread the fake
news on the internet, the rumor may likely terrify innocent crowd, and also lead
people to question the capability of the official unit.

For the perspective of public governance, one can stop the rumor only if
they know how they are broadcasted on the internet. However, as the amount of
internet opinion is numerous; one can hardly digest all messages solely in person.
Therefore, if the government can build up an opinion monitoring system to
monitor and analyze online comments, the government can consequently
immediately authenticate the truthfulness of the news. For this purpose, we come
out a four-year plan to build up a platform that can monitor multilingual opinions.

To monitor vast opinions quickly, we deploy a distributed opinion
monitoring system. This system first uses the web crawler to collect disease
related reviews on all kinds channels. Then, the system stores the opinions into a
Non-SQL database. After, the search engine index all non-structured data, one
can query the most updated opinions through our SAAS service. Also, to let the
member of CDC understand how to analyze unstructured data with Python
programming language, we hold a nine-day training course, so they can

understand how to process text data with python.



To emphasize the importance of opinion data, we compare the data
collected from Google Trend, GPHIN, CDC and opinion reviews; we hope to let
the official unit understand the advantage of opinion mining is best for stopping

rumor rather than disease trend prediction.

Keywords: Text Mining, Unstructured data, Opinion Mining
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